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In order to plan, coordinate and steer population health activities, we need to assemble a T T TOn L e A P, Sy momd ke e e B Soiibcas itk teting and

360° view that: 1) encompasses patient health, co-morbidities and geographic location;
2) takes into account each provider’s patient population; and 3) is able to attribute PPRs,
PPVs, PQIs and PDls to health care systems and providers. Toward that end we must
integrate multiple electronic health records, data from the NY Statewide Planning and
Research Cooperative System (SPARCS), US Census Bureau, Behavioral Risk Factor
Surveillance System (BRFSS), and American Community Survey, along with data from
deployed smart phones, mobile sensors such as Fitbits and Apple Watch, and
instrumented home medical devices. Data integration pipelines, data quality control
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Data products encompass clinical/computational phenotype generation, e.g., validated

co-morbidities, treatment history and demographics. In the near future, data will also
characterize patients by provider with respect to quality indicators such as PPRs and Percem of Hqugehqid§ .Where SpamSh is th.e Prlm_?ry Language
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population and risk stratification, as well as iterative adaptive analyses to allow nimble
interventions. Effective efforts to improve care transitions require projects to identify
patients at risk and to characterize patient-specific risks.
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techniques reported in [1] as data is collected and as the DSRIP program is
implemented.
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